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In today's competitive and data-driven environment, organizations need analytical
and information capabilities more than ever before to make big decisions and
respond to rapid market changes. Business intelligence, as one of the most important
decision-support approaches, enables the collection, integration, analysis, and
presentation of data; however, the main problem for many organizations is that
business intelligence systems often remain at the level of reporting, operational
dashboards, and retrospective analyses and do not find a systematic link with the
organization's strategic goals and decisions. The purpose of this research is to design
an integrated framework for aligning business intelligence with the organization's
strategy. This research is applied-developmental in terms of purpose and qualitative
and conceptual in nature, and combines concepts related to business intelligence
architecture, implementation success factors, data-driven decision-making, and
strategic management using an analytical review of the literature. The main finding
of the research is the presentation of the proposed SABI framework that explains the
relationship between strategy, data needs, business intelligence processing,
analytical insight, decision making, execution and strategic feedback. This
framework shows that the real value of business intelligence is created when data is
defined from the beginning based on strategic decision making needs and the results
of decision execution are fed back into the learning and strategy modification
process. The research results can be a basis for designing, evaluating and improving
business intelligence systems in large organizations and industrial holdings.
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Introduction

In recent years, the rapid growth of data volume, the increasing complexity of the
competitive environment, the increasing economic uncertainties and the continuous change of
market behavior have made decision-making in organizations no longer possible to rely
solely on experience, managerial intuition or scattered reports. Today's organizations,
especially large and multi-business organizations, are faced with a vast volume of internal
and external data; data generated from operational, financial, sales, human resources, supply
chain, customers, competitors, market and macro environment systems. However, having
data alone does not mean having the ability to make better decisions. The main issue is that
this data must be systematically collected, integrated, analyzed and transformed into usable
insights for decision makers. In such circumstances, business intelligence has been proposed
as one of the most important organizational capabilities to transform raw data into
meaningful information and support decision-making.

Business intelligence is known in the scientific literature as a set of technologies, processes,
applications, and methods that aim to collect, store, access, and analyze data to help make
better decisions (Watson, 2009). This definition shows that business intelligence is not just a
software tool or reporting system, but a complete architecture for moving from data to
decision. In this regard, Chen et al. (2012) consider business intelligence and analytics as a
set of techniques, technologies, systems, methodologies, and applications that analyze
important business data so that the organization can better understand its business and market
and make more timely decisions. Therefore, Bl can be valuable to an organization when it is
not limited to displaying past data, but also plays a role in understanding the situation,
analyzing trends, discovering patterns, evaluating options, and supporting management
decisions.

With the expansion of business intelligence applications, organizations have made significant
investments in data infrastructure, data warehousing, data extraction, transformation and
loading processes, analysis tools, data mining, dashboards and reporting systems. Studies of
Bl architectures show that these systems are usually composed of different layers including
data sources, data integration, data warehouse, analytical tools and information presentation
layer (Chaudhuri et al., 2011; Dayal et al., 2009). These architectures are essential for
creating a regular flow of data and transforming it into management information, but the
experience of organizations shows that the existence of technical infrastructure alone is not
enough to create value. Many organizations, despite having numerous dashboards and
reports, still face challenges in converting these outputs into strategic decisions.

On the other hand, the literature on Bl implementation shows that the success of Bl does not
depend only on technology, but factors such as senior management support, clear vision, data
quality, user participation, change management, analytical decision-making culture, and
alignment with business needs play a decisive role in its success (Yeoh and Koronios, 2010;
Yeoh and Popovic, 2015). This shows that Bl should be seen as an organizational capability,
not just an IT project. If Bl is designed without connecting to real decision-making needs, it
may result in the production of abundant but ineffective reports; reports that are technically
correct, but do not play a serious role in the organization’s macro decisions. This issue
becomes even more important when considering Bl in relation to strategic management.
Strategic decisions are usually long-term, complex, infrequent, and uncertain decisions, and
their consequences affect the future of the organization. Such decisions require accurate,
timely, multidimensional, and reliable information. The analysis-based competition literature
also emphasizes that some organizations have been able to make the ability to collect,
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analyze, and act on data the core of their competitive advantage, using data analysis not only
to improve operations but also to shape strategy (Davenport, 2006). This perspective suggests
that the true value of BI is revealed when data and analysis can play a role in the
organization's strategic decisions, such as entering new markets, product development,
resource allocation, risk management, improving productivity, and creating competitive
advantage.

Despite this importance, a literature review shows that there is still a significant gap between
the two areas of business intelligence and strategic management. A significant part of Bl
studies has focused on definition, architecture, tools, data warehousing, ETL, data mining,
dashboards and implementation success factors. In contrast, strategic management studies
have mainly addressed topics such as strategy formulation, competitive advantage,
environmental analysis and macro decision-making. However, a less coherent issue is how to
connect the strategic goals of the organization to specific data needs, usable analytics,
management decisions and ultimately strategy implementation. In other words, a clear and
integrated mechanism for transforming strategy into data, data into insight, insight into
decision and decision into execution and feedback has not yet been presented.

Accordingly, the main issue of the present research is how to take business intelligence
beyond the level of reporting and operational analysis tools and turn it into an integrated
mechanism to support strategic decision-making. Accordingly, the main question of the
present study is how to design business intelligence in a way that aligns with the strategic
goals of the organization and supports strategic decision-making, execution, and feedback.
This study also seeks to answer the question of what the main components and relationships
of such a framework are and how they can reduce the gap between data, analytics, and
strategy. The aim of this study is to design a conceptual framework for aligning business
intelligence with the organization’s strategy; a framework that can systematically explain the
relationship between strategic goals, data needs, Bl processing, analytical insight, decision-
making, execution, and strategic feedback. In this regard, the present article, relying on an
analytical review of the literature, presents the proposed SABI framework to show that
business intelligence becomes a strategic capability when it is designed from the beginning
based on strategic decision-making needs and the results of decision execution are fed back
into the learning and strategy modification process.\

2Research Methodology

The present research is applied-developmental in terms of purpose and qualitative and
conceptual in nature. Its applicability is due to the fact that it addresses one of the real issues
of organizations, namely how to align business intelligence with the organization's strategy. It
is also considered developmental research because its goal is not simply to describe existing
concepts, but rather it attempts to provide a conceptual framework for connecting data,
analysis, decision, and strategy by combining the literature on business intelligence, data-
driven decision-making, and strategic management.

The research method is an analytical review of the literature. In this method, previous sources
are not reported descriptively and separately, but rather the main concepts, key findings, and
gaps in them are extracted and combined. Accordingly, articles related to the definition and
architecture of business intelligence, success factors for Bl implementation, the effect of Bl
on decision-making quality, and the role of information in strategic management were
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reviewed. The sources were selected based on their direct relevance to the research topic, and
the sampling method was purposive and based on the conceptual relevance of the sources to
the research problem.

The data collection tool in this study was document review and analysis of scientific articles.
The extracted concepts were categorized into several axes, including the definition and
evolution of BI, its architecture and technical components, implementation success factors,
Bl implications for decision-making and organizational performance, and the role of
information in strategic decision-making. Then, using conceptual content analysis, the
relationships between these axes were identified.

The results of this analysis showed that a significant part of the existing literature either
focuses on the technical architecture of BI, or examines its implementation success factors, or
measures its impact on decision-making and performance; but it does not provide a specific
mechanism for directly connecting strategic goals to data needs, Bl analytics, management
decisions, implementation, and strategic feedback. Accordingly, the proposed SABI
framework was designed in four layers: strategy, business intelligence, decision-making and
implementation, and feedback. The conceptual validity of the framework was also examined
by comparing its components with the findings of previous studies.

3Findings

The main innovation of this study is that it redefines business intelligence not simply as a
technological infrastructure or reporting tool, but as a mechanism for aligning data and
analytics with the strategic goals of the organization. While a significant portion of previous
studies have focused on the technical architecture of BI, the success factors of
implementation, or its impact on organizational performance, the proposed SABI framework
attempts to explain the complete path of transforming strategic goals into data needs,
analytical processing, managerial insight, decision-making, execution, and strategic feedback
in an integrated model.

The findings of the present study, based on an analytical review of the literature, show that
business intelligence can lead to improved strategic decision-making when it is not
considered merely as a technological tool or reporting system, but rather as an organizational
capability designed to connect data, analysis, decision, and strategy. A review of previous
studies showed that a significant portion of the existing literature has examined business
intelligence from the perspective of technical architecture, data components, analytical tools,
and implementation success factors; while the direct relationship between the organization's
strategic goals, data needs, Bl analytics, decision-making, execution, and strategic feedback
has been less comprehensively explained. Accordingly, the main finding of the present study
is the design of the proposed SABI framework for aligning business intelligence with the
organization's strategy.

3.1.Gap Analysis in the Literature

The literature review shows that research in the field of business intelligence has developed
along several main lines. A group of studies have defined Bl as a set of technologies,
processes, and applications for collecting, storing, accessing, and analyzing data,
emphasizing its role in improving decision-making (Watson, 2009; Chen et al., 2012).
Another group has focused on the technical architecture of BI, identifying components such
as data sources, ETL, data warehousing, analytical tools, OLAP, data mining, and dashboards
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as the core infrastructure of business intelligence (Chaudhuri et al., 2011; Dayal et al., 2009;
Ong et al., 2011). Some studies have also examined the success factors of Bl implementation
and have shown that the success of these systems depends on data quality, senior
management support, user participation, technical infrastructure, change management, and
analytical decision-making culture (Yeoh and Koronios, 2010; Yeoh and Popovi¢, 2015).
Despite the value of these studies, Table 1shows that most of them have examined Bl either
from a technical and architectural perspective, or from the perspective of implementation
success, or from the perspective of its impact on performance and decision-making. As a
result, there is still an important gap: how to translate the strategic goals of the organization
into specific data needs, translate these data into analytical insights through BI architecture,
transform insights into sound management decisions, implement the decision in the
organization, and feed the implementation results back into strategy refinement. This gap was
the basis for designing the proposed SABI framework in the present study.

Limitations from the Main focus Literature Focus
perspective of the present
study
The direct connection to
strategy execution is less

well explained

Resources

Definition and
Evolution of Bl

Transforming data
into information
and decision
support

Watson, 2009; Chen et al.,
2012

The architecture is more
data-driven than strategy-
driven

Data sources, ETL,
data warehousing
and analytics

Chaudhuri et al., 2011; Dayal
etal., 2009; Ong et al., 2011

Architecture of Bl

The relationship of these

Management

Success Factors

factors to strategic alignment support, data Yeoh and Koronios, 2010; of BI
is less clear quality, culture and Yeoh and Popovi¢, 2015
infrastructure
The path from BI to decision | The impact of Bl on Value and
and strategy execution is not | processes, decision- | Elbashir et al., 2008; Popovic¢ Performance of
complete making and etal., 2012 BI
performance
A practical framework for Data-driven and Analysis and
connecting Bl to strategy is analytics-driven Davenport, 2006 Competitive
not provided competition Advantage

Table 1: Review of background and research conducted
3.2The design logic of the proposed SABI framework

The research findings show that the starting point for aligning Bl with strategy should not be
the organization's existing data, but rather the organization's strategic goals and questions. In
many Bl projects, the organization first looks at existing data, operational systems, and
designable dashboards; but this approach causes Bl to become a tool for reporting on the
past. In contrast, as shown in Figure 1, the SABI framework is based on the logic that it
must first determine what the organization's broad goals are, what decisions it must make to
achieve these goals, what indicators and data these decisions require, and what types of
analyses can help managers choose the right option.

Accordingly, SABI attempts to transform Bl from a data-driven architecture to a strategy-
driven architecture. In this model, data is valuable when it answers a strategic question;
analysis is valuable when it is transformed into actionable insights; And a decision is
valuable when it has an impact in execution and its result is used again to refine the strategy.
Therefore, the proposed framework provides a cyclical and learning view of Bl instead of a
linear view.
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Figure 1: SABI Framework Logic
3.3Components of the Proposed SABI Framework

The SABI framework consists of four main layers: the strategy layer, the business
intelligence layer, the decision-making layer, and the execution and feedback layer. The
strategy layer is the starting point of the model and specifies the organization's macro-goals,
competitive priorities, key performance indicators, and strategic questions. In this layer, the
strategy is translated into the language of data and analysis; that is, each strategic goal must
be converted into an indicator, data requirement, and analytical question.

The second layer is the business intelligence layer, which is responsible for collecting,
integrating, cleansing, storing, and analyzing data. This layer includes internal and external
data sources, ETL processes, data warehousing, analytical tools, data mining, predictive
analytics, and management dashboards. The difference between this layer in the SABI
model and general Bl architectures is that data and analytics are selected and designed based
on the strategic needs of the organization, not simply based on available data.

The third layer is the decision-making layer. In this layer, Bl analytical outputs are
transformed into management insights and decision options. The goal of this layer is for
reports and dashboards to not simply show the past state, but to help managers identify
causes, compare scenarios, assess risks, and select the appropriate option. The fourth layer is
the execution and feedback layer. In this layer, decisions made are implemented in the
organization’s processes, and the results of the execution generate new data that must be fed
back into the BI system and then into the strategy review process. In addition to these four
layers, there is a supporting layer that includes data governance and an analytical decision-
making culture. This layer ensures that data has quality, common definition, clear ownership,
and trustworthiness, and that managers and users of the organization actually use data and
analytics to make decisions.

3.4Relationships between the components of the SABI framework

The research findings show that the main value of the SABI framework lies in the
relationships between its components. The first relationship is the transformation of strategy
into data needs. In this relationship, the organization's macro-goals are transformed into
measurable indicators and analytical questions. The second relationship is the transformation
of data needs into BI processing; that is, the required data from various sources is collected,
cleaned, standardized, and integrated. The third relationship is the transformation of Bl
processing into analytical insight. In this stage, the data prepared through multidimensional
analysis, data mining, trend analysis, scenario analysis, and visualization is transformed into
usable understanding for managers.

The fourth relationship is the transformation of analytical insight into strategic decision-
making. In this stage, the insights generated must be transformed into decision options, risk
assessment, and consequence analysis. The fifth relationship is the transformation of decision
into execution. Strategic decisions are only valuable when they are translated into plans,
projects, resource allocations, and actual changes in organizational processes. Finally, the
sixth relationship is the return of implementation results to strategy. This relationship forms
the strategic feedback loop, allowing the organization to learn from the results of its decisions
and modify the strategy based on new data.

3.5Strategic Feedback Loop

One of the main findings of the research is the necessity of a strategic feedback loop in
aligning BI with strategy. In linear models, the Bl path usually starts with data and ends with
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a report or decision. However, in competitive and changing environments, strategic decision-
making is not a static process and must be continuously modified based on the results of
implementation and environmental changes. Therefore, in the SABI framework, the
implementation of the decision is not the end of the process, but the beginning of the
organizational learning phase.

This loop allows the organization to check whether the Bl-based decisions have led to the
expected results. If the implementation results are aligned with the strategic goals, the
organization can strengthen its path; but if the results are far from expectations, it is necessary
to review the strategic assumptions, the data used, the analytical models, or the way the
decision is implemented. In this way, Bl is transformed from a reporting tool into a learning
and strategy modification mechanism.

3.6Decision Readiness Index

Another conceptual finding of the research is the necessity of assessing the readiness of data
and analysis before making strategic decisions. Accordingly, the present study proposes the
concept of Decision Readiness Index or DRI as part of the SABI framework. This index
conceptually indicates whether the available data and analysis are sufficient to support a
strategic decision.

The decision readiness index can be evaluated based on factors such as data quality, data
timeliness, data coverage of the decision problem, analysis capability, level of data integrity,
and the understandability of the output for managers. The importance of this index is that it
prevents decisions from being made based on incomplete, late, or irrelevant data. In fact, DRI
helps managers assess their level of confidence in the data and analytical support of the
decision before making a decision. In this study, the decision readiness index is considered as
a conceptual indicator to measure the readiness of the organization's data and analytics before
making strategic decisions. The logic of this index is based on the assumption that every
strategic decision must be evaluated in terms of data and analytical adequacy before it enters
the implementation stage. In other words, managers need to know whether the available data
is of sufficient quality, whether the information is available at the right time, whether the data
covers all aspects of the decision problem, whether the organization has the ability to analyze
and interpret the data, and whether the analysis output is understandable and usable by
managers. Accordingly, the decision readiness index can be composed of five main
components: data quality, data timeliness, data coverage relative to the decision problem,
analysis capability, and managerial understandability of the output.

In this study, the conceptual relationship of the decision readiness index is considered as
follows:

Decision readiness index = a function of data quality, data timeliness, data coverage, analysis
capability, and managerial understandability

Data quality refers to the degree of accuracy, correctness, completeness, and consistency of
the data used for decision making. If the data is incomplete, inconsistent, or contains errors,
even the most advanced analytical tools cannot produce a reliable decision. Timeliness of
data means that information should be available to the decision maker when there is still a
possibility of managerial action. In strategic decisions, late data may be technically correct,
but lose its managerial value for decision-making. Data coverage also refers to the extent to
which the available data is relevant to the various dimensions of the decision problem. For
example, a decision to enter a new market cannot be supported by internal sales data alone,
but also requires data on the market, competitors, operational capacity, environmental risks,
costs, and organizational resources.

Analytical capability is the fourth component of the decision readiness index and refers to the
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organization’s ability to process, analyze, model, and extract insights from data. An
organization may have a lot of data, but if it lacks the right tools, skills, or analytical
methods, this data will not be converted into usable insights. Finally, managerial
understandability means that the output of the analysis must be interpretable, comparable, and
usable by managers in the decision-making process. If the analysis results are presented in a
complex, technical, or irrelevant language, the likelihood of their actual use in decision
making is reduced.

The purpose of presenting the Decision Readiness Index in this study is not to design a
definitive mathematical model or precise quantitative measurement, but to introduce a
conceptual mechanism for assessing the adequacy of data and analysis before strategic
decision-making. This index helps the organization to check whether the data and analytical
support for the decision has the minimum necessary readiness before making a major
decision based on BI outputs. From this perspective, DRI can act as a control tool within the
SABI framework and prevent strategic decisions from being made based on incomplete data,
limited analysis, or incomprehensible outputs.

3.7. Maturity Levels of Bl Alignment with Strategy

The research findings show that organizations are not at the same level in terms of Bl
alignment with strategy. Some organizations use Bl only for reporting; others use it for
performance analysis; a more advanced group uses Bl to support management decisions; and
at the highest level, there are organizations that have made Bl part of the strategy, execution,
and organizational learning process.

Accordingly, four maturity levels can be considered for Bl alignment with strategy, as shown
in Table 2. At the first level, Bl is report-oriented and is mostly used to observe the past
situation. At the second level, Bl is analysis-oriented and helps to understand trends and
causes. At the third level, Bl is decision-oriented and helps to evaluate management options
and choices. At level four, Bl is strategy-driven and fully aligned with the organization's
strategic goals, decisions, execution, and feedback. The goal of the SABI framework is to
move the organization from lower levels to level four maturity.

The role of Bl Key Features Level Title Maturity
level
Display the situation Focus on retrospective Report-driven Level 1
reporting

Understand the situation Analysis of trends and Analysis- Level 2
performance causes driven

Assist in making choices Support for options evaluation Decision- Level 3
driven

Guide and refine the Connection to goal, execution Strategy-driven Level 4

strategy and feedback

Table 2: Maturity levels of Bl alignment with strategy

3.8Summary of Findings

In summary, the research findings show that the main problem for organizations in using
business intelligence is not simply the lack of data, the lack of dashboards, or the weakness of
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analytical tools, but the lack of an integrated mechanism to connect data and analysis to
strategy. The proposed SABI framework, by defining the layers of strategy, business
intelligence, decision-making, execution, and feedback, attempts to cover this gap. This
framework shows that business intelligence can become a strategic capability when it is
designed from the beginning based on the organization's goals and decision-making needs, its
output is transformed into actionable insights and decisions, and the results of
implementation are fed back into the process of strategic improvement and learning.

4Discussion and Conclusion

The findings of the present study showed that business intelligence can play an effective role
in strategic decision-making when it goes beyond the level of reporting tools and operational
dashboards and is designed as an organizational capability to connect data, analysis, decision,
and execution. This result is consistent with studies that consider Bl as a set of technologies,
processes, and applications for collecting, storing, accessing, and analyzing data for the
purpose of supporting decision-making (Watson, 2009; Chen et al., 2012). The research
findings are also consistent with Bl architecture studies, because in the SABI framework,
data sources, ETL, data warehouse, analysis, and dashboards are also considered as essential
components, but the main difference of the present study is that these components are not
interpreted independently and technically, but in direct connection with the strategic goals of
the organization (Chaudhuri et al., 2011; Dayal et al., 2009; Ong et al., 2011). On the other
hand, the results of this study are also consistent with the findings of Yeoh and Koronios
(2010) and Yeoh and Popovi¢ (2015); Because the proposed framework shows that the
success of Bl does not depend only on the technical infrastructure and that factors such as
management support, data quality, user participation, data governance and analytical
decision-making culture play a fundamental role in realizing its value. Also, the emphasis of
the SABI framework on transforming analytical insight into decision and then execution is in
line with studies such as Elbashir et al. (2008) and Popovic¢ et al. (2012) that show that BI
value is created when information is used in real business processes and decision-making.
However, the innovation of the present research is that it connects these perspectives in the
form of an integrated framework and shows that the path to Bl value creation should start
from the strategic goal, reach the data and analysis needs, influence decision-making and
execution and return to strategy refinement through feedback.

Based on the research results, it can be said that the main gap in many organizations is not the
lack of data or analytical tools, but the lack of a mechanism to align data and analysis with
strategic decision-making needs. Organizations may have a large volume of data, reports and
dashboards, but until it is clear which strategic issue each data is used to answer and how
each analysis is converted into decisions and actions, business intelligence cannot become a
strategic capability. The SABI framework attempts to cover this gap by defining four layers
of strategy, business intelligence, decision-making and execution, and feedback. In this
framework, strategy is the starting point for Bl design; that is, first, macro-goals, strategic
indicators and decision-making questions are specified, then the required data are identified
and processed, the output of the analysis is converted into management insight, the insight is
used in decision-making, and finally the results of the decision implementation return to the
process of learning and refining the strategy. Therefore, SABI introduces business
intelligence not just as a decision support system, but also as a strategic learning mechanism
for the organization.

It is recommended that organizations first clearly define their strategic goals and decision-
making needs before investing in Bl tools. The design of dashboards, data warehouses, and
analytical models should start from strategic questions, not just from data available in
operational systems. Organizations should also define key performance indicators, data
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sources, required analytics, and the types of decisions that can be supported for each strategic
goal. In addition, it is essential to establish data governance, standardize indicator definitions,
improve data quality, develop analytical skills, and strengthen a data-driven decision-making
culture. If organizational managers do not trust data or if Bl output is not used in decision-
making meetings and processes, even the most advanced Bl infrastructure will have limited
impact.

Finally, due to its conceptual and literature review nature, the present study requires
empirical testing in future studies. It is suggested that future research should field-test the
SABI framework in a specific industry or organization, especially in large, data-intensive
organizations such as banks, energy companies, or logistics complexes. It is also possible to
operationalize the Decision Readiness Index (DRI) to measure the readiness of organizations
to use BI strategically, and to empirically test its dimensions such as data quality, data
timeliness, data coverage, analysis capability, and the extent of managerial use of
information. Such studies can help further develop the proposed framework and turn it into a
practical tool for assessing and improving the alignment of business intelligence with the
organization's strategy.
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